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ABSTRACT

This paper proposes a Denoising Autoencoder
(DAE) and a Density-Based Spatial Clustering of
Applications with Noise (DBSCAN) based estimati-
on algorithm using time-frequency analysis of low
signal-to-noise ratio (SNR) radar as input to estimate
the Carrier Frequency of low SNR radar signals. The
performance of the proposed algorithm shows high
estimation performance compared to the in-image

Connected Component Analysis (CCA) algorithm.
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Fig. 1. Overall flowchart of the carrier frequency
estimation algorithm for low SNR Radar signals based on
DAE and DBSCAN.
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Fig. 2. RMSEs of DBSCAN and CCA algorithm in SNR
environment from -20 dB to 10 dB.
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Fig. 3. R2 scores of DBSCAN and CCA algorithm in
SNR environment from -20 dB to 10 dB.
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